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Annotation
This study examines the translation of idioms by three machine translation systems: ChatGPT, Yandex Translate, and Microsoft
Translator. The study employs quantitative and comparative methods, using data drawn from the novel “The Prince and the Pauper”

by Mark Twain.
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BJIMSTHUE UU HA TIEPEBOJ UAUOM B IUTEPATYPE: CPABHUTEJIBHOE UCCJIEJOBAHUE CHATGPT,
YANDEX U MICROSOFT TRANSLATOR
AHHOTaLUA
JlaHHOE HCCIEe0OBaHNE PACCMATPUBACT MEPEBO] HIMOM TpeMs cucTeMaMu MammHHOTO nepeBoaa: ChatGPT, Yandex Translate u
Microsoft Translator. B paboTe mpiuMeHSIOTCS KOTUYECTBEHHBIC U CPABHUTEIBHBIE METOIBI, @ MATEPHAIOM HCCIEIOBAHHS CITyXKAaT

JlaHHbIE, B3sThIE U3 poMaHa Mapka Tsena «[IpuHIl 1 HUILUI.

Karwuessbie ciioBa: ChatGPT, Yandex Translate, Microsoft Translator, MammuHHBIN IEPEBOJI, HMOMEBI, CPABHUTEILHBII MEPEBO/I,

UCKycCTBEeHHBIN nHTEIneKT (1U).

ADABIYOTDA IDIOMALAR TARJIMASIDA SUN'lY INTELLEKTNING TA'SIRI: CHATGPT, YANDEX VA
MICROSOFT TRANSLATORNING QIYOSIY TADQIQOTI
Annotatsiya
Ushbu tagdidotda uchta mashina tarjimasi tizimi — ChatGPT, Yandex Translate va Microsoft Translator tomonidan idiomalarning
tarjima qilinishini o‘rganadi. Tadqiqotda miqdoriy va qiyosiy usullar qo‘llanilgan bo‘lib, idiomalar Mark Tvenning “Shahzoda va

gado” romanidan olingan.

Kalit so‘zlar: ChatGPT, Yandex Translate, Microsoft Translator, mashina tarjimasi, idiomalar, qiyosiy tarjima, sun’iy intellekt

(SI).

Introduction. The field of machine translation (MT)
has garnered increasing attention due to the advances made in
artificial intelligence (Al), particularly in natural language
processing (NLP) and deep learning. Modern MT systems such
as Google Translate, Yandex Translate, DeepL, and Microsoft
Translator rely heavily on neural networks and transformer
models.

Al is not a countable entity; therefore, it cannot be
referred to numerically (for example, “20 Als”). However, it
can be categorized by type, approach, or model. Based on the
first classification, there are narrow Al, general Al, and
superintelligent Al [11]. Narrow Al, also known as weak Al,
specializes in a single task and does not match human
performance—examples include Google Translate, Siri, and
Gemini. General Al represents a theoretical form of intelligence
comparable to human cognition, while superintelligent Al is
hypothesized to surpass human intelligence, though this
remains a speculative and futuristic concept [5].

Regarding the other two classifications, machine
learning, deep learning, expert systems, evolutionary
algorithms, and reinforcement learning make up the main Al
models [3, 6].

Several studies have investigated machine translation
from evolutionary and impact perspectives. For instance, one of
the key achievements of neural machine translation (NMT) was

the demonstration of near-human translation quality for both
Chinese-to-English and English-to-Chinese tasks [7]. This
study leveraged the duality of translation by allowing the model
to learn bidirectionally—from source to target and vice versa.
However, challenges persist in translating languages with
complex syntax or limited training data.

In translation pedagogy and literary MT, comparative
analyses have been conducted between Google Translate and
QTranslate. One study evaluated the error rates of MT in
literary texts translated from English into Arabic using J.K.
Rowling’s works as source material. The findings revealed that
Google Translate outperformed QTranslate, though the
difference in accuracy was relatively small [10].

Nevertheless, with the growing use of MT tools by both
professional and amateur translators, there is a growing need to
identify a relatively accurate system. MT now plays a vital role
not only in professional translation but also in language learning
and research. However, there remains a lack of MT studies
focusing on Yandex Translate, ChatGPT, and Microsoft
Translator when translating between English and Russian
language pairs.

The present study aims to examine how three MT
systems—Yandex Translate, ChatGPT, and Microsoft
Translator—handle idiomatic expressions in literary texts. The
specific objectives are: a) to evaluate which tool produces the
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most accurate translations; b) to analyze the quality of idiom
translation from English into Uzbek and Russian.

The study hypothesizes that ChatGPT produces more
accurate translations overall than Microsoft Translate, while
Yandex Translate demonstrates moderate accuracy in rendering
idiomatic expressions in literary texts.

Literature review. This chapter provides the
theoretical foundation for machine translation (MT) with
particular focus on the translation of idiomatic expressions
between Chinese and English. It also synthesizes prior studies
and aims to build a conceptual framework for understanding the
major challenges, approaches, and research gaps within MT
studies.

Machine Translation (MT) refers to the application of
computational methods to render text or speech automatically
from one language into another. MT systems analyze the source
language and generate corresponding output in the target
language, striving to preserve meaning, context, and stylistic
nuance. Three principal MT approaches have evolved: Rule-
Based MT (RBMT), which depends on predefined linguistic
rules and dictionaries; Statistical MT (SMT), which utilizes
probabilistic models based on bilingual corpora; and Neural
MT (NMT), which relies on deep learning algorithms and
neural networks to predict and generate translations [8].

Since idioms seldom have direct linguistic equivalents,
translation equivalence becomes a central concern in MT
research. Two key dimensions of equivalence are generally
discussed: semantic equivalence, which emphasizes the
accurate preservation of meaning, and pragmatic equivalence,
which considers contextual appropriateness and the effect of the
translation on the target audience [2].

Chinese and partner universities have contributed
substantially to the theoretical and empirical development of
MT. A joint study by Peking University and the University of
Edinburgh argued that idioms should be examined through
manual analysis despite the existence of automatic evaluation
metrics such as BLUE, METEOR, and TER. According to their
findings, these metrics provide only a general evaluation and
fail to assess specific linguistic or cultural subtleties [12]. The
researchers proposed the blacklist method as an alternative
approach to detect literal translation errors.

A more recent study conducted at Chengdu University
compared the performance of ChatGPT 4.0, DeepL, and
StarDesk in translating Chinese idioms into English subtitles
[9]. Using BLEU as the evaluation metric, StarDesk achieved
the highest score, followed by DeepL and ChatGPT.
Nevertheless, manual evaluation produced contrasting results,
showing that ChatGPT 4.0 delivered superior performance in
linguistic, cognitive, and cultural dimensions, revealing the
limitations of relying solely on automatic metrics.

Parallel developments have occurred in Arabic MT
research, addressing complex issues at morphological,
syntactic, and semantic levels. A study from a Moroccan
university evaluated the accuracy of Google Translate, DeepL,

and Microsoft Bing in translating English idioms into Arabic,
French, and Spanish. The results revealed an overall accuracy
rate of 68.75%, with Bing Microsoft Translator outperforming
the others [4]. In Palestine, Alawi critically examined MT errors
in Google Translate, emphasizing the cultural and idiomatic
challenges that often lead to literal renderings and structural
inconsistencies in Arabic output [1].

Despite these contributions, several research gaps
remain unaddressed. Firstly, most MT studies are based on
short segments, subtitles, or isolated idiomatic phrases rather
than extended literary texts such as novels, where contextual
continuity shapes idiomatic meaning. Secondly, comparative
analyses involving modern neural-based systems—particularly
ChatGPT, Yandex, and Microsoft Translator—are still scarce.
Third, the dominant use of automated metrics such as BLEU
and METEOR fails to capture cultural, pragmatic, and semantic
equivalence, especially in idiomatic and figurative contexts.
Finally, there is a lack of manual, human-centered evaluations
that examine idiomatic accuracy, cultural interpretation, and
contextual preservation in narrative translation.

This research seeks to address these gaps by analyzing
the translation of idioms within a literary text (novel) using
three advanced MT systems: ChatGPT, Yandex, and Microsoft
Translator. By integrating automated and manual evaluation
methods, the study aims to identify the most accurate system
for idiomatic translation. It places particular emphasis on
semantic fidelity, pragmatic equivalence, and cultural
resonance.

The results of this investigation are expected to
contribute to the growing body of MT scholarship by offering a
nuanced understanding of idiomatic translation in extended
narrative contexts. Moreover, it provides a comparative
perspective on contemporary MT systems and highlights the
limitations of current evaluation approaches. Ultimately, this
study aims to propose a more balanced and context-sensitive
framework for assessing machine translation performance in
literary discourse, bridging the gap between computational
translation technology and human linguistic interpretation.

Research Methodology. This study employed a
quantitative research design to numerically demonstrate the
accuracy of translation in three Al-based machine translation
systems: ChatGPT, Yandex, and Microsoft Translator. A
comparative method was also adopted to examine the
similarities and differences in idiom translation by three
machine translation systems from English into Uzbek and
Russian.

13 idioms were selected from “The Prince and the
Pauper” by Mark Twain in English, based on archaic features.
Each idiom was translated into Russian using three machine
translation systems: ChatGPT, Yandex Translate, and
Microsoft Translator. The MT outputs were collected manually
by entering each idiom into the respective system and recording
the resulting translations in a spreadsheet for further analysis.

Table 1. Idioms selected with archaic features in “The Prince and the Pauper” by Mark Twain

Ne Idiom (English) Page number

Notes/Context

1 twist oneself loose 17 The prince twisted himself loose.
2 beyond someone’s wildest dreams 17 He will make thee rich beyond thy wildest dreams.
3 crane someone’s neck 55 The crowd enjoyed this episode prodigiously and pressed

forward and craned their necks to see the small rioter.
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4 goad someone into something 55 Presently they began to taunt him and mock at him, purposely to
goad him into a higher and still more entertaining fury.

5 stood someone's ground 55 He stood his ground and defied the mob right royally.

6 lay about 56 The mob closed in on the warrior, who backed himself against a
wall and began to lay about him with his long weapon like a
madman.

7 as fast as someone’s leg could carry | 56 A troop of horsemen came charging down upon the mob, who

someone fled out of harm’s reach as fast as their legs could carry them.

8 with one accord 57 The great assemblage bent their heads upon their breasts with
one accord.

9 to say someone nay 57 None rise up to say me nay?

10 strike a chill to someone’s heart 57 The tidings struck a chill to the heart of the poor little waif, and
sent a shudder through his frame.

11 send a shudder through his frame 58 The tidings struck a chill to the heart of the poor little waif, and
sent a shudder through his frame.

12 wax and wane 66 But in my last battle | was taken captive, and during the seven
years that have waxed and waned me since then

13 raise the hue and cry 117 In a moment he was up and off like the wind, the gentlemen
following after and raising the hue and cry, lustily as he went.

To evaluate the accuracy of idiom translation, the
collected data were analyzed using the blacklist method, which
identifies incorrect or unacceptable translations based on literal
translation. In this approach, each idiom output from ChatGPT,
Yandex Translate, and Microsoft Translator was checked
against a predefined list of incorrect renderings. If an idiom was
translated word-for-word or failed to convey its figurative
meaning, it was classified as incorrect. The proportion of

correct and incorrect translations was presented in numbers and
calculated in percentages to compare the performance of the
three systems.

Analysis and results. This section depicts the findings
of the blacklist analysis of idiom translations produced by
ChatGPT, Yandex Translate, and Microsoft Translator. The
idioms were from the source language (English) into the target
languages (Uzbek and Russian).

Table 2. Translation accuracy of idioms from English into Uzbek by three MT systems.

MT system Total Idioms Correct Translations Incorrect Translations | Accuracy (%)
ChatGPT 13 12 1 92.30
Yandex Translate 13 5 8 38.46
Microsoft Translator 13 4 9 30.76

Table 3. Translation accuracy of idioms from English into Russian by three MT systems

MT system Total Idioms Correct Translations Incorrect Translations | Accuracy (%)
ChatGPT 13 12 1 92.30
Yandex Translate 13 8 5 61.53
Microsoft Translator 13 7 6 53.84

Overall, ChatGPT produced the highest number of
correct translations, followed by Yandex Translate, while
Microsoft Translate had the lowest accuracy. The findings also
indicate that translations into Uzbek showed lower accuracy in
Yandex Translate and Microsoft Translator compared to
translations into Russian. This could be due to ChatGPT’s
contextual understanding, which aligns with earlier studies.

Conclusion and recommendations. These results
suggest large language models (LLMs) like the future ChatGPT

5.0 version may handle figurative language better than
traditional MT systems. Translators, teachers, researchers, and
students may consider using LLM tools when working with
idioms. Nevertheless, the study had limitations, including a
small database and a focus on one type of figurative language.
Future research should expand the corpus and include more
languages. BNC or COCA should be used to derive the source
materials for similar research.
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